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Embedding Cache Model

Issues In Embedding Kernels

Embedding Vector

Embedding caching model: [cDLRM, RecSys 21], [HugeCTR HPS, RecSys 22]
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* Analyze the performance of memory hierarchy in embedding
cache models

 GPU cache performance improvement saturates at a certain
memory capacity.

* The hit rate of CPU memory cache is maintained even with low
memory capacity. 0

» Confirming that the miss penalty of CPU memory cache 75.0% 62.5% 50.0% 25.0% 10.0%
hierarchy is a major bottleneck for overall model performance. cache Size
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SSD I/O time is a major bottleneck of overall performance degradation
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