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Abstract

The diffusion literature has traditionally considered learning as a mechanism
through which successful policies spread. This paper builds on recent advances
in this literature to show that under certain conditions learning can lead to the
diffusion of normatively questionable practices. It uses subnational recall elections
in Peru —the most intensive user of the recall worldwide— to present the first
empirical evidence consistent with perverse learning and outlining the conditions
under which it can occur. In particular, it shows that recalls diffuse spatially
through a learning process in which information about the political viability of
this institution is transmitted to the local politicians who are responsible for its
repeated activation. These politicians learn to (ab)use participatory institutions to

re-do elections regardless of voter’s preferences.



While long-running, the diffusion literature has witnessed an important re-emergence
and transformation over the past twenty years. Early work in this tradition focused
mainly on the diffusion of policies, understood as the result of a fact-based assessment
of their policy effects by policymakers (Gilardi and Wasserfallen, 2019). More recent
research has led to a broadening of the scope of diffusion on practically all fronts: diffusion
is no longer limited to policies, driven exclusively by policymakers, resulting only from
fact-based assessments, or based solely on policy effects. Political strategies, platforms
and frames have also been found to diffuse (Graham et al., 2013; Van Hauwaert, 2019), as
a result of the actions of parties, political elites more broadly and even citizens (Bohmelt
et al., 2016; Pacheco, 2012; Martini and Walter, 2024; Walter, 2021), through the use
of cognitive shortcuts and biases (Weyland, 2005; Meseguer, 2005), and often on the
basis not of policy but of political effects (Gilardi, 2010). In terms of the mechanisms,
while there has been a shift regarding how learning comes about (through the use of
heuristics rather than rational bayesian learning), when it comes to what is learned, the
assumption remains that learning is a way for beneficial or successful policies/strategies
to spread (Bamert et al., 2015; Martini and Walter, 2024). This paper contributes to the
ongoing expansion in the diffusion literature by presenting evidence of perverse learning
and outlining the conditions under which this type of diffusion can occur.

Learning has traditionally been seen in the diffusion literature as a mechanism through
which successful policies spread. Indeed, much of the early work on diffusion focused on
the cross-state diffusion of policies in the U.S., and assumed that successful policies
spread through a combination of policy innovation and careful evaluation (Karch, 2007).
Recently, researchers have highlighted that political actors may learn not only about
policy but also about political effects, and have noted that this may lead to the spread of
bad policies (Gilardi and Wasserfallen, 2019). However, no empirical cases of this type of
diffusion have been studied. In this paper, I present one such case of perverse learning:
the learning of political strategies that may benefit individual politicians but do so at
the cost of collective well-being. In so doing I focus on the diffusion of political strategies
rather than policies and discuss why this distinction is important.

The case in question is the diffusion of subnational recall elections in Peru, the country
considered to be the most intensive user of the recall worldwide (Welp, 2015). Recalls are
a type of direct democracy mechanism that seeks to remove elected officials from office
before the end of their term. Recurrent use of the recall to remove district mayors in
Peru has been universally considered by local analysts as prejudicial to the functioning
of democracy. In this context, recalls not only promote polarization, disrupt municipal
governance and bolster citizen distrust of politicians but have also been found to reduce
the quality of candidates (Artiles et al., 2021; Welp, 2013; Tuesta Soldevilla, 2014b).

The Peruvian setting provides a large number of observations (1634 districts) and a

relatively long time series (1996-2014), allowing me to exploit variation in the presence



of recall elections within districts over time, to uncover the effect of neighbors’ behavior
and the dynamics of political competition on the probability a recall takes place. This
constitutes the first rigorous analysis of the within-country diffusion of recalls. Results
indicate that recalls do diffuse spatially, through a process of learning in which information
about the political viability of this institution is transmitted to the local politicians
who are responsible for its repeated activation. Despite optimistic views regarding the
potential for direct democracy mechanisms to improve citizen engagement and satisfaction
(Matsusaka, 2020; Whitehead, 2020), my results highlight the risk that these mechanisms
may be coopted and abused by self-serving politicians, ultimately contributing to citizen
apathy and distrust. And while it is difficult to generalize from a single country study,
there are reasons to believe similar dynamics are at play in (very) different contexts.

The paper makes significant contributions to both the diffusion and the direct democ-
racy literatures. In terms of the former, it illustrates the potential and outlines the
conditions for negative or perverse diffusion dynamics. Indeed, while the possibility that
negative practices may diffuse has sometimes been acknowledged, the diffusion litera-
ture has tended to see learning as a process through which efficient or successful policies
expand, with insufficient consideration of how success is defined (and by whom). More-
over, by focusing on the diffusion of negative practices, this paper deals directly with
the normative implications of diffusion, an aspect that has received little attention in the
literature.

In terms of direct democracy, despite growing interest in the recall in recent years it
is still the least studied of these mechanisms (Whitehead, 2018). The limited literature
there is on it is characterized by (i) an ongoing (and long-running) debate regarding its
theoretical benefits and drawbacks, along with (ii) a mostly descriptive analysis of its use
in particular cases or countries. And while there is some discussion regarding potential
diffusion in the adoption of recall regulations, the possibility that recall use might diffuse
spatially has heretofore not been seriously considered.! This paper thus provides the
first systematic analysis of the diffusion of recall practices, highlighting the importance
of learning and outlining how it occurs. Much attention has been paid to the internal
determinants of recall use in the literature but, as I show below, diffusion is also very
important and can determine not only whether it gets used, but also how. In a sce-
nario in which use of the recall is often associated with deteriorating political outcomes
(Whitehead, 2018), a better understanding of the dynamics underlying its use is particu-
larly important. Moreover, it adds new evidence to the literature on the within-country
diffusion of direct-democratic practices, which has so far been largely U.S.-centered. As

the use of these practices continues to expand among developing countries, this evidence

!This is somewhat surprising considering that research on the diffusion of policies via the initiative
has a long history, at least in the U.S. (see for example Seljan and Weller (2011)). However, part of
the reason why there are no studies of diffusion in recall use in the U.S. seems to be the absence of a
centralized database registering all recall elections taking place at the local level (Spivak, 2020).



becomes increasingly relevant.

The paper proceeds as follows. Section 1 introduces the diffusion literature, sum-
marizing its main findings and highlighting how this paper contributes to it. Section 2
presents the institution of the recall, the theoretical debates regarding its potential ef-
fects and existing empirical findings. Section 3 describes the functioning and use of the
recall in Peru, as well as existing research on its determinants and consequences. Section
4 introduces my hypotheses, focused on explaining how recalls diffuse, what it is that
diffuses and who the actors driving this diffusion are. Section 5 presents my empirical
strategy and data. Section 6 presents and discusses the results of my analyses. Section 7
describes robustness tests and section 8 concludes with a discussion of my findings and

their implications.

1 The Politics of Diffusion

Diffusion can be defined as “any process where prior adoption of a trait or practice in
a population alters the probability of adoption for the remaining non-adopters” (Strang,
1991, p. 325). It therefore implies that the behavior of individual units (typically coun-
tries, states or other subnational units) is affected by the behavior of other units. The
way in which they are affected may vary —they may copy them, learn from them, or
attempt to distinguish themselves from them—, but the key point is that their behavior
is a response or a result of the prior behavior of other units. Diffusion has typically been
studied between neighboring units, but while this is the most common scenario, it is not
necessary: countries may react to the behavior of their trade partners —or competitors—
even if they are far away. The challenge then, is to distinguish true from spurious dif-
fusion: a pattern of successive adoptions emerging from fully independent decisions as
units respond in a similar way to similar conditions (Braun and Gilardi, 2006).

The diffusion literature has posited multiple mechanisms that might explain why
the behavior of one unit may influence that of another, including emulation, learning,
competition and coercion.? Emulation (sometimes also called imitation) happens when
units simply copy what others have done, typically larger or more prestigious units that
they aspire to resemble. Learning is considered to occur when successful policies are
copied, as the experiences of others leads to a change in one’s beliefs regarding the
potential effects of policy adoption (Meseguer, 2005). Accordingly, learning is usually
evaluated in terms of whether it leads to the adoption of better or more efficient decisions
(see for example Ellison and Fudenberg (1993) or Volden et al. (2008)). Competition

happens when units are forced to adapt their behavior to what other units have done in

2There is some discussion as to whether coercion should be considered a diffusion mechanism
(Maggetti and Gilardi, 2016). Some authors also consider additional mechanisms, such as common
norms and taken-for-grantedness (Braun and Gilardi, 2006).
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an effort to maintain their relative attractiveness. They can do so by adopting the same
policy or a complementary one. And coercion happens when units are pressured into
adopting a certain policy through the imposition of either costs or rewards.?

The study of diffusion in political science has almost exclusively focused on a partic-
ular form of diffusion: policy diffusion, which occurs when “policy choices in one unit are
influenced by policy choices in other units” (Maggetti and Gilardi, 2016, p. 89). Indeed,
the field developed largely as a result of early efforts to understand the cross-state diffu-
sion of policies within the U.S. (Karch, 2007). However, in recent decades the study of
cross-country diffusion has gained prominence in both comparative politics and interna-
tional relations. As this literature has expanded, it has also gained in complexity. Indeed,
as mentioned above, the policy diffusion literature has gone from adopting a technocratic
view according to which policies spread because policymakers evaluate the policy impli-
cations of the actions of other units, to acknowledging the importance of a broader set
of actors and dynamics. Not only policies but all kinds of things have been found to
diffuse: institutions, political platforms and strategies, ideational frameworks, to name
a few (Graham et al., 2013; Gilardi, 2012). This has two important consequences. The
first is that policymakers are not the main actors driving diffusion processes anymore,
but so are political parties, political elites more broadly (including policy opposers) and
even citizens (Pollert and Mooney, 2022; Pacheco, 2012; Walter, 2021). The second is
that when it comes to learning, not only policy effects are learned, but so are the political
effects not only of policies, but of all kinds of political actions. This means that political
parties may learn from the successful platforms of parties in other countries (Béhmelt
et al., 2016), and that citizens may learn from the consequences of political decisions
abroad (Walter, 2021). Moreover, the manner of learning has also evolved: while it was
initially assumed that learning was a rational, fact-based process, a growing body of re-
search documents the use of heuristics and the prevalence of cognitive biases (Weyland,
2005; Meseguer, 2005; Bamert et al., 2015).

This paper builds on and expands this growing literature by bringing these different
aspects of diffusion together and outlining the conditions under which perverse forms of
learning may take place. Indeed, prior research has highlighted the fact that diffusion
is an intrinsically political process in which policymakers care not only about the policy
effects of policies, but also about their political effects. One possible consequence of
this, it is claimed, is that bad policies may spread if policymakers care more about the
political effects of policies than about their policy effects (Gilardi and Wasserfallen, 2019).
However, the fact that not only policies spread, and that diffusion is not only driven by
policymakers, means that situations in which political actors care more (if not exclusively)

about the political effects of their actions are likely to be quite prevalent. In fact, while

3For a detailed account of each of these mechanisms see Braun and Gilardi (2006) or Shipan and
Volden (2008).



policymakers may be forced to at least consider the policy consequences of their actions,
this is not the case for other types of political actors (such as office-seeking politicians).
Under these conditions, all kinds of bad practices may diffuse. Perverse learning thus
happens when politicians care mainly about winning office, as this narrow focus leads
them to adopt strategies that will further their selfish interests regardless of the common
good.* While this is a general statement that I cannot test here and should be examined
by future research, in what follows I offer an example of this logic at work.

In the sections that follow, I document an instance of perverse learning in which po-
litical entrepreneurs learn to abuse a participatory institution to the detriment of citizen
trust in the political system. This has important consequences for the normative inter-
pretation of learning by highlighting the fact that under certain conditions learning can
lead to worse social outcomes as a result of politicians maximizing their short-term util-
ity. It is worth noting that in addition to Gilardi and Wasserfallen (2019), Shipan and
Volden (2012) also acknowledge that policy diffusion is not always beneficial. However,
they focus on cases in which the wrong lessons are drawn from others’ experiences either
because they are not adapted to the new context or because information about effective-
ness was not collected. This is different from the argument I am making here: I would
argue politicians learn the right lesson (recalls are a useful strategy for re-doing elections),
the problem is that —as in any social dilemma— their private interests are at odds with
collective interests and thus lead to worse social outcomes. Shipan and Volden (2012)
on the other hand do not consider the possibility that politicians may define success in
terms of their narrow interests rather than the collective good.® Finally, Dobbin et al.
(2007) are one of the few to recognize that the aggregation of individual choices in the
context of policy learning may not be socially optimal.

As such, this paper responds to demands that research on diffusion should expand its
focus beyond policy adoptions and include a broader set of political motivations (Gilardi
and Wasserfallen, 2019). For one thing, it does not study the diffusion of a policy but
rather of a political strategy: the use of recalls. This is important in terms of how to
model the analysis empirically, as we will see below. Consequently, it is not interested
in the behavior or decision-making process of policymakers or bureaucrats but rather of

political elites. This is also of consequence as it affects how success is defined.

41t is entirely possible for politicians to engage in motivated reasoning and convince themselves that
their success is also what is best for society, but this does not change the fact that they care mainly
about furthering their self-interest.

SPollert and Mooney (2022) accurately note that the problem with using success to identify learning
is that what counts as success is criterion-related and the criterion is often left implicit in the literature.



2 The Recall

The recall is a direct democracy mechanism that allows voters to remove an elected official
from office before the end of her term via a special election. The recall stands apart from
all other direct democracy mechanisms (referendums, plebiscites, popular initiatives) in
that it involves a decision regarding a person instead of an issue. It also has two important
differences with respect to impeachment procedures: decisions are made by the people
instead of parliament, and it does not need to be based on legal grounds (although in
some countries a justification is required) (Beramendi et al., 2008).

Since the third wave of democratisation, the recall has been adopted by multiple new
democracies throughout the world. In fact, the majority of its adopters are new or uncon-
solidated democracies, presumably in an attempt to legitimate new democratic regimes
by increasing citizen oversight of elected officials and promoting citizen participation
(ONPE, 2010).5

Regarding its effects, specialists have highlighted a number of potential benefits of
the recall, such as increased accountability and control, better communication between
voters and politicians and a reduction in political alienation and apathy (Cronin, 1989;
Welp, 2014; Twomey, 2011). On the other hand, some drawbacks have also been noted: it
distorts legislators’ decision-making process by turning them into delegates, it is disrup-
tive and destabilizing, it may accentuate political conflict and polarization, and deepen
voters’ cynicism and distrust of politicians (Cronin, 1989; Welp, 2014; Twomey, 2011;
Siegel, 2015; Welp and Whitehead, 2020a).

In practice, assessing the extent to which the hypothesized effects of the recall have
materialized has proven difficult. One aspect that hampers comparative analyses is the
fact that procedural requirements vary between countries (and often also states), and
play an important role in determining how and when the recall is actually used.” These
high levels of variation in institutional design have meant that research on the actual
use of the recall is scarce and has remained mostly limited to descriptive case studies
(Qvortrup, 2011).

A considerable portion of the existing research has focused on the experience in the
U.S., leading to the erroneous impression that “the recall is predominantly an American
phenomenon” (Qvortrup, 2011, p. 163). Findings in this literature are quite general,

focusing on what determines how frequently recalls are used and what its effects are on

SDirect recalls —those that are both initiated and decided by the people— are allowed at the subna-
tional or national levels in countries such as: Bolivia, Ecuador, Venezuela, Peru, Colombia, Argentina,
Mexico, Cuba, Poland, Slovakia, Belarus, Kyrgyzstan, Ethiopia, Gambia, Nigeria, Kenya, Kiribati, South
Korea, Taiwan and Palau (Beramendi et al., 2008).

"The most important variations concern the offices subjected to the recall, the time period during
which a recall can be called, the causes for calling it, the magnitude of citizen support required to initiate
the process, the quorum required for the recall election to be valid, the majority required for the recall
to pass, and the procedure for replacing a recalled authority.
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turnout, incumbent power, legislative representation and the influence of special interest
groups (Bowler and Cain, 2004; Weinstein, 2005; Qvortrup, 2011; Siegel, 2015; Garrett,
2004; Amar, 2004).

Recently, the proliferation of recall elections outside the U.S. has led to the develop-
ment of novel efforts to understand both the conditions under which it is used and its
effects, in a broader set of countries. This work recognizes that recalls can be associated
with negative outcomes and highlights the importance of comparative research in identi-
fying the conditions under which positive effects will materialize. Interestingly, while it
considers the possibility that the introduction of the recall may be driven by diffusion, its
growing use is attributed to purely internal causes: mainly, growing dissatisfaction with
elected representatives (Welp and Whitehead, 2020a).

The experience with the recall in Latin America, a region where it is quite widespread,
often used and —in some cases— highly visible, has also been examined. Indeed, this re-
gion is considered “the leading laboratory for experimentation with MDDs [direct democ-
racy mechanisms| in general and with recall procedures in particular” (Welp and White-
head, 2020b, p. 176). However, existing research has mostly consisted of descriptive
country studies, detailing the context of introduction of the recall, its procedural features
and the number of times it has been activated, and offering plausible explanations for
its level of use. Recent comparative approaches have attempted to explain the relative
frequency of its activation on the basis of internal variables such as citizen dissatisfaction,
institutional design, political party dynamics and the behavior of Electoral Management
Bodies (Welp and Castellanos, 2020). The possibility that recalls may diffuse spatially
or that there could be learning effects at play has not been considered. However, given
its increasing levels of use, and growing awareness that it may not always contribute to
strengthening democratic systems (ONPE, 2010; Welp and Whitehead, 2020a), under-
stand how use of the recall spreads is also important. To that end, I turn to the Peruvian

case.

3 Recall Elections in Peru

Recalls in Peru were originally regulated in the 1994 Law of Participation and Citizen
Control Rights (Law 26300), which allowed for them to be initiated against all members
of the executive or legislative branches of subnational governments (i.e., at the district,
province and regional levels).® In light of the importance of institutional design when it
comes to understanding how recalls are used, in this section I will describe them at some
length.

During my period of study, 1996-2014, recalls could take place after an official’s first

8Districts are the smallest level of subnational government in Peru. There are currently 1874 districts
embedded in 196 provinces, which are embedded in 24 regions.



year in office and before their last, out of a 4 year term. In order to trigger a recall
any citizen residing in the targeted official’s district could buy a “recall kit”? from the
electoral management body (ONPE) by filling in a form stating the name of the official
they wanted to recall and the reason, which did not need to be proven. This citizen was
then known as the promoter of the recall and was responsible for gathering the signatures
of at least 25% of registered voters in the official’s district (up to a maximum of 400,000
signatures) in support of the recall. If sufficient signatures were gathered and verified,
a recall election took place on a date predetermined by the electoral management body.
In this election, citizens had to cast one vote (Yes/No) for every official on the ballot
(mayor and/or council members). In order for the recall election to be valid, at least
50% of registered voters in the district had to participate and voting was mandatory. For
the recall to pass, it had to be supported by an absolute majority (i.e. 50% + 1) of the
votes. Finally, if the recall passed and less than a third of the council members were
recalled, the mayor (if recalled) was replaced by the deputy mayor (the council member
who was second in the party list) and any recalled council members were replaced by
their substitutes. If more than a third of the council was recalled, new elections were
called to replace all recalled officials.

Since their regulation in 1994 every subnational government term has witnessed a
recall election. Not only that, but the share of districts with recall elections increased
continuously during the period of study, from under 4% in the 1996-1998 term to almost
24% in the 2011-2014 term (see figure 1). In total, 5902 officials were subjected to recall
votes during this period, with their numbers growing every term.! In all, 98.5% of the
officials subjected to a recall have been members of district-level local governments, with
747 different district governments (45% of the total) experiencing recall elections but only
9 provinces, and no regional governments.

These high levels of use call for an explanation. Part of it can undoubtedly be found in
the features of electoral institutions and the dynamics of political competition, which in
combination with the recall’s procedural design make it both attractive and undemanding.
At the institutional level, closed list plurality elections (in which the party with the most
votes wins both the mayor’s office and at least 50% +1 of the seats in the municipal
council), meant mayors could win with a relatively small percentage of votes and yet have
an absolute majority in the council. At the political level, the recall took place in a context
of extreme party fluidity, as expressed in high levels of volatility, fragmentation and
personalism (Tanaka, 1998; Roberts and Wibbels, 1999). In practice, parties were (and
continue to be) little more than electoral platforms politicians use to run for office, with

low levels of ideological or organizational cohesion (ONPE, 2010), and short life spans.!!

9Consisting mainly of the forms needed to gather signatures, with a cost of approximately $35.

10Gee figure A.1 in the SI for the number of officials subjected to recalls each term.

' This situation was made worse by the 2003 Law of Political Parties, which lowered the requirements
to register new parties and authorized the creation of subnational political organizations with even lower



Figure 1: Number of districts with recalls by term, Peru 1996-2014
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Finally, the process of decentralization initiated in 2002 increased the competences and
resources of district governments, making them more attractive and contributing to the
dispersion of votes.!? As a result, in many districts mayors were elected by a small margin
and with fewer votes than the number of signatures required to initiate a recall (i.e., less
than 25% of able voters) (Remy, 2005).

These features have all been mentioned in the numerous qualitative studies seeking
to explain why, where and to what effect the recall is used in Peru (Tuesta Soldevilla,
2014a,b; Welp, 2013, 2015; Quintanilla, 2013). Reasons advanced for why the recall is
so intensively used typically include: high levels of citizen dissatisfaction, weak parties
and an unconsolidated party system, and low procedural thresholds. Regarding where
recalls take place, answers include: in small districts, in districts with large budgets, in

conflictive districts, and in districts where mayors win with a small percentage of votes or

requisites. As a result, political competition at the district level can take place between national parties,
regional movements and local political organisations. National parties are those that can compete in
all elections throughout the country and are the most stable over time, while regional movements can
compete only in elections within the region in which they were created. Local political organisations can
exist at the provincial or district levels, the former can compete in all elections within the province of
their creation and the latter can only compete in the districts in which they were created. These types
of organizations are highly volatile and new ones tend to appear and disappear for each election cycle.

12Tn fact, between 1995 and 2009, transfers from the central government to local —provincial and
district— governments increased tenfold, going from a little over one billion New Soles, to over 10 billion
New Soles (ONPE, 2010).
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by a small margin. In terms of their effects, there is almost universal consensus that these
are negative.!> Most studies highlight that recalls have a negative effect on competition,
distract officials from their tasks and contribute to citizens’ distrust in politicians.

In a 2015 article, Welp argues that in a context of low party system institutionaliza-
tion “in which neither political leaders nor their parties have any guarantee of survival
beyond the next election, recall procedures create unexpected incentives for politicians
to use them as an extension to “normal” electoral competition” (Welp, 2015, p. 11).
She thus claims that the incentive to bring about a new election through the use of re-
call procedures, combined with unstable patterns of political competition, facilitates the
formation of an alliance of electoral losers in the hope of triggering a do-over election.
Unfortunately, she does not attempt to test this hypothesis. However, this article raises
an important point: the fact that local political organizations lose their registration (and
thus their capacity to run for election) after every election means that local politicians
have very high discount rates: they may be unwilling to wait patiently until the next
election because there is no guarantee that their political organization will still exist or
that they themselves will be candidates.

Two more recent articles use a quantitative approach to shed more light on the matter.
In the first, Holland and Incio study the determinants of recalls between 2002 and 2015
and argue that it is losing politicians who are organizing recall referenda (Holland and
Incio, 2019). They show that recall organizers were candidates in the previous election
in 18% of cases and that recalls are more likely to occur when politicians win by narrow
margins or are female. In the second, Artiles et al. (2021) argue that the political use
of recalls has a negative effect on candidate selection. They show that in districts where
mayors were recalled by a small margin candidates in the next round of elections were
of lower quality —in terms of education and prior experience— than in districts where
recalls failed by a small margin.

Overall, there is broad agreement in this literature on a number of stylized facts
regarding recall elections in Peru. First, that they are not generally initiated by citizens to
remove corrupt or unresponsive politicians but rather by losing candidates in an attempt
to re-do municipal elections.!* Second, this is seen as a response to the incentives created
by a context of high fragmentation, in which winners win with low vote shares and by
low margins. The former makes it easy to gather the signatures required to initiate the
recall process among the large majority that did not vote for the winning candidate,

while the latter is expected to affect losers’ calculus regarding their possibilities in a

BPerhaps the only work that defends the use of recalls, while still acknowledging the negative effects
of their use in Peru, is Quintanilla (2013).

14The fact that an overwhelming majority of recall processes target —in addition to the mayor— at
least 1/3 of council members (despite their low visibility) is further evidence that their goal is to trigger
new elections. See figure A.1 for the share of districts with recalls in which this condition is observed in
each government term.
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new election. Moreover, high levels of party fluidity means politicians have short time
horizons: in most cases they will have to re-register their political organization before
the next election, making the prospect of waiting unattractive. All of this results in high
levels of instability, under-performing municipal governments, high levels of polarization
and ultimately high voter dissatisfaction and low levels of politician quality.®

It is noteworthy that despite having attracted so much attention, the possibility that
recalls may diffuse as candidates in one district imitate or learn from what happens in
neighboring districts has not been seriously considered. Rather, the working assumption
in this body of work seems to be that politicians in each district will independently decide
to organize recall elections in response to similar conditions (close races, high fragmen-
tation, small districts). Given the overwhelming evidence that recalls are prejudicial to
democratic functioning in Peruvian districts, this paper seeks to expand upon prior con-
tributions by asking: is there diffusion in the spread of recall elections in Peru? If so, was
learning the main mechanism, and what was being learned?

Figure 2, which shows the term in which each district experienced its first recall elec-
tion, provides a first indication that spatial diffusion may be at play. Indeed, the existence
of spatial autocorrelation in the use of recalls is confirmed by a positive and significant
Moran’s I (except for the first round of recall elections in the 1996-1998 term).®

In what follows I will try to explain the mechanism driving this spatial pattern of
diffusion. To do so I focus on the period between 1996 and 2014, which is when the bulk
of recall elections took place. In 2015, after a very contentious and disruptive attempt
to recall the mayor of the capital city of Lima, recall procedures were reformed with the
intention of making the recall less attractive. The reform eliminated the possibility of
new elections by stipulating that recalled mayors would be replaced by the first substitute
council member in their party list, and postponed any recalls until the third year out of
a four-year term.!” In the years that have elapsed since this reform less than 200 officials

have been subjected to recall votes, compared to 5,902 in the prior 15 years.!8

15The disruptive effect of recalls on municipal performance can easily be inferred from the fact that
districts in which new elections are triggered by a recall end up having three different municipal govern-
ments in the span of four years: the original municipal government, a provisional government after the
recall, and the newly elected government after new elections take place.

6Moran’s I is a measure of the spatial autocorrelation in a dataset. It measures the correlation in
both location and values simultaneously. Intuitively, it calculates deviations from the mean for each
observation and multiplies deviation values for neighboring features to obtain cross-products that will
be positive if neighboring values are both smaller/larger than the mean. Its numerator is made up of
the sum of these cross products and is normalized by the variance so that index values fall between
-1 (perfect dispersion) and +1 (perfect clustering). A significant value means we can reject the null of
complete spatial randomness, and a positive value indicates similar values —in this case recalls— are
clustered spatially.

17"The reform also eliminated the cap of 400,000 signatures to initiate a recall (which was only binding
for Lima) and required recall promoters to disclose their campaign contributions and expenses.

8Indeed, in the 2015-2018 term only 27 districts experienced recalls and in the 2019-2022 term this
number went down to 13 districts.
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4 Theory and Hypotheses

The empirical strategy described below starts from the assumption that prior research
is right in placing the responsibility for the activation of recalls in the hands of losing
politicians (as opposed to disgruntled citizens). In section 7 I will present further evidence
in support of this assumption. Note however that while who is responsible for recalls is
of no consequence when it comes to identifying diffusion patterns, it does matter for
our interpretation of the mechanisms and their normative implications, as will become
obvious below.

The diffusion literature has traditionally studied the spatial dissemination of policies
by looking at the behavior of neighbors. Geographic proximity is expected to promote
diffusion through multiple potential avenues: by facilitating the development of commu-
nication networks through which information about policies can spread; via overlapping
media markets alerting to the existence of policies in nearby states; and because offi-
cials may be most inclined to use nearby states as models based on their cultural or
demographic similarity (Karch, 2007).Y However, as access to communication and trans-
portation has expanded, spatial proximity has lost some of its relevance (Karch, 2007;
Shipan and Volden, 2012). Here I nonetheless retain the focus on neighbors for two key
reasons. The first is that even if information about what happens all over the country
—or even in other countries— is available, politicians are still likely to find what happens
in districts that are similar to theirs more informative. Indeed, this is consistent with
sociological research showing people draw lessons from members of their networks (Dob-
bin et al., 2007). The second is that in the Peruvian districts that I study access to the
internet —and to information more generally—, cannot be taken for granted, particularly
during the period of observation.

As is always the case when studying diffusion, the null hypothesis is that the patterns
we observe are a result of spurious diffusion. This would mean residents of neighboring
districts independently decided to conduct recalls in reaction to the same set of incentives.
As mentioned above, this seems to be the assumption underlying most of the existing
literature. If it were so, we would expect to observe recalls propagating spatially (again,
assuming proximity proxies for similarity) as the existence of a recall in one district is
correlated with the existence of a recall in a nearby district. However, neither the number
of neighbors experiencing recalls, nor the results of recalls in nearby districts should
matter, given that districts are activating recalls independently of their neighbors. For

clarity, it is worth spelling out this null hypothesis.

Hypothesis 0. If recalls propagate independently, the existence of recalls in neighboring

districts will increase the probability of a recall taking place in the following term, but

190One notable exception is the study of competition in international trade, where structural equiva-
lence is much more relevant than geographic location.
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neither the number of neighbors with recalls nor the result of their recalls should have an

effect.

If, on the other hand, there is diffusion, the question then is: what is the mechanism
driving diffusion? In the context of subnational recall elections neither coercion nor
competition make sense. Two potential mechanisms are thus worth considering: simple
imitation or learning. The key distinguishing aspect is that imitation “is not related to
the objective consequences of a policy” (Gilardi, 2016, p. 10), while learning is. Imitation
implies copying what others have done because of who has done it, in an effort to be
like that other or to conform to one’s normative environment. In our case, it would
mean that politicians in district A observe a recall happening in district B and naively
decide to imitate it. Learning on the other hand “means being influenced by successful
policies” (Maggetti and Gilardi, 2016). The standard test of learning is thus that only
successful policies are adopted (Dobbin et al., 2007; Shipan and Volden, 2008; Maggetti
and Gilardi, 2016; Gilardi, 2016). However, as has been noted elsewhere, learning also

implies a negative effect of unsuccessful ones (Volden et al., 2008; Lee and Strang, 2006).

Hypothesis 1. If learning is the mechanism driving the diffusion of recall elections, the
probability that a district has a recall will increase with the share of successful recalls

among its neighbors in the prior term, and decrease with the share of unsuccessful ones.

The definition of success when it comes to recall elections may not be straightforward.
Is it simply replacing the current mayor? If so, does it matter who replaces him? Or is
it triggering a new election? According to existing research, the goal of the politicians
promoting recalls is to prompt new elections with the hope of performing better than in
the last one. Success therefore means triggering new elections by removing the mayor
and at least a third of the council.

I focus on the effect of the share of successful/failed recalls rather than the mere
occurrence of a successful /failed recall among a districts’ neigbors following the common
assumption that the opportunity to learn is increasing in the number of instances of
an action (Shipan and Volden, 2008; Boehmke and Witmer, 2004). Moreover, the more
consistent the evidence, the more likely politicians are to update their beliefs (Dobbin
et al., 2007).

As noted by Braun and Gilardi (2006), expected utility theory can help clarify the
decision processes behind diffusion. They argue that decision-makers’ utility is deter-
mined by both the expected payoffs of the new policy and its effectiveness in delivering
the expected outcomes (EU=Payoffs x Effectiveness). In our case, we have office-seeking
politicians who expect a certain payoff from participating in new elections (a function of
their perceived probability of success) and have a given prior regarding the effectiveness
of recalls as an instrument for triggering new elections. The observation of recall pro-

cesses in nearby districts provides them with new information that allows them to update
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their beliefs (i.e., learn) regarding recall effectiveness. Observing successful recalls would
therefore increase the perceived effectiveness of recalls and their expected utility from
promoting them, while observing failed recalls would have the opposite effect. Note that
the relative size of payoffs from participating in a new election is not affected by the ex-
periences of neighbors. However, we might imagine that the smaller the margin of victory
in the original election (which they lost), the higher politicians’ perceived probability of
success in a new election. And depending on their “prior beliefs, policymakers may be
more or less sensitive to the cues coming from other countries” (Gilardi, 2010, p. 651).
In essence, the fact that their prior regarding their expected utility from a new election
is higher means they are more likely to update their beliefs after observing a successful

recall. This allows us to postulate a new expectation:

Hypothesis 2. If politicians are driven by the desire to win a future election, the positive
effect of observing successful recalls in neighboring districts will be larger in districts where

the incumbent’s margin of victory was smaller.

These hypotheses reflect the main strategies suggested for the identification of learning
in the policy diffusion literature: a positive effect of successful policies, a negative effect
of ineffectiveness, and the identification of relevant conditional effects (including on the
basis of adopters’ prior beliefs or relevant characteristics of the adopting and/or observed
unit) (Volden et al., 2008; Gilardi, 2010; Shipan and Volden, 2008).

It is worth noting that none of this requires the assumption that politicians are per-
fectly rational Bayesians. Indeed, these expectations are consistent with the more likely
possibility of bounded rationality.?’ As noted by Shipan and Volden (2012), effective
learning is time-intensive and takes a high-degree of skill, making it unlikely among time-
pressed policymakers with limited staff, not to mention losing candidates. These politi-
cians are thus expected to update their beliefs on the basis of new information but at the
same time engage in well-known cognitive shortcuts. This is part of the reason why they
would update based on what happens in neighboring districts rather than use full infor-
mation about what happens in all districts (availability heuristic) and expect neighbors’

success to matter for theirs (representativeness heuristic) (Dobbin et al., 2007).

5 Empirical Strategy and Data

[ use data on district-level recall elections in Peru between 1996 (the starting year of
the first term with recalls) and 2014 to test my hypotheses. Using data collected from a
number of different official sources I have constructed a balanced panel data set in which

the unit of analysis is the district-subnational government term. I therefore have 1632

29Bounded rationality is in fact not only more likely but has been documented in the context of policy
diffusion in Latin America and elsewhere (Weyland, 2005; Dobbin et al., 2007).
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districts?! observed five times: once for each of the 1996-1998, 1999-2002, 2003-2006,
2007-2010 and 2011-2014 terms.

Data on the officials subjected to a recall vote and the recall’s results, by district and
term, come from the electoral management body (ONPE), and was used to construct
my dependent variable: a dummy for the occurrence of a recall election in a district-
term. This data is also used to construct my main independent variables: a dummy
for the occurrence of a recall in neighboring districts in the previous period, and the
proportion of neighbors with (successful or failed) recall elections in the previous period.
GIS data from the Ministry of the Environment was used to identify neighboring districts,
defined as contiguous districts, and construct a contiguity matrix.?? Data on the parties
competing in each election, the distribution of votes and the identity of the winner in
each district also come from ONPE and were used to calculate the margin of victory, and
the effective number of electoral parties (ENEP).?3 T also collected data on mayor’s prior
experience by scraping the National Jury of Elections” webpage, which offers information
on all elected officials, including the history of elective offices they have held. With this
information I constructed a variable recording the number of times the current mayor
previously held different types of elected office at the provincial or district levels.?*

The fact that I don’t study policy adoption but rather the use of recalls has implica-
tions for my empirical strategy. The policy diffusion literature has typically used event
history analysis, an approach based on the assumption that events (policy adoptions)
can only occur once, with units dropping out of the database once adoption occurs. In
my case, districts can conduct recalls every government term, requiring an altoghether
different modeling strategy. 1 therefore use the following linear probability model to test

my hypotheses by running fixed effects panel regressions:?

Recally = BPropSuccesful g1 + vPropRecalls_g4_1 + A\g + 1 + €4 (1)

The dependent variable is an indicator for the occurrence of a recall election in district

d at time t. The coefficient of interest is 3, which captures the effect of the proportion

21Tn 1996 there were 1829 districts in Peru. However, districts that are provincial capitals do not
have a district government, as its functions are taken over by the provincial government. Thus, of the
1829 districts, 195 provincial capitals and 2 islands are excluded, leaving 1632 observations. Since 2002
around 40 new districts have been created, but these are not included to maintain a balanced data set.
Moreover, there have not been any recalls in these districts.

22For robustness, the (straight line) distance to the centroid of the nearest district with a recall in the
previous period was also used as a measure of proximity.

23In districts in which elections were annulled, data from the supplementary elections was used. The
annulment of elections usually results either from social unrest that prevented votes from being counted,
or from the fact that more than two thirds of the ballots were either blank or null.

24Regional experience was not considered because only one mayor had ever been elected to a regional-
level position.

25Tn light of the fact that OLS estimates are expected to be reliable as long as the model specification
is correct, the interpretability of OLS is preferred to logit or probit specifications, despite the risk of
non-sensical predictions.
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of neighboring districts (not d) with successful /failed recalls in the previous term (¢ —
1).2 The model also includes a control for the overall proportion of neighbors with
recalls in the prior term (PropRecalls_q—1). This allows us to isolate the effect of recall
outcomes (success/failure), as captured by (3, from that of their frequency, which will be
captured by v.27 )\, are district fixed effects, which control for time-invariant district-
level characteristics (e.g., slow-moving socio-economic characteristics) that may affect the
probability of a recall taking place. n; are time fixed effects, controlling for the influence
of period-specific shocks that may affect the probability of a recall in all districts at the
same time (e.g., the overall level of recalls in a given term). Cluster robust standard
errors (clustered at the district level) are used to account for repeated observations.
This model is expected to be a quite consistent estimator, as it assesses how the prob-
ability of a recall changes over time for a given district as the behavior of its neighbors
changes. It therefore eliminates the need to account for district-level time-invariant co-
variates. As for time-varying district-level characteristics, the policy diffusion literature
broadly acknowledges the need to include controls for potential internal determinants of
the outcome (Shipan and Volden, 2012, 2008; Franzese Jr and Hays, 2008). I therefore
run additional models in which I include controls for time-varying district-level character-
istics that may affect the probability of a recall taking place. These include two indicator
variables for whether the district mayor comes from the same party as the provincial
mayor or the regional president, the ENEP in the most recent election®, a measure of
mayor quality (as proxied by experience in elected office) and the cumulative number of
past recall elections.?? The same party dummies are intended to account for the possi-
bility that higher-level authorities may benefit or hurt mayors depending on their party
affiliation, thus affecting the likelihood that a recall will take place. Moreover, sharing the
same party as higher-level officials may affect the level of ability needed to be elected (i.e.,
candidates can compensate for less ability with political support from these authorities
and their parties). The number of parties is included as it will determine the dynamics
of competition by affecting both politicians’ incentives to promote a recall (through its
effect on vote shares) and the quality of elected representatives. Mayor quality controls
for the possibility that recalls are used to remove incompetent mayors. The number of
recall elections that have taken place in district d before ¢ seeks to control for the negative

effect of past recalls on the candidate pool. Furthermore, experience with the occurrence

26Note that according to Franzese Jr and Hays (2008) the inclusion of time-lagged spatial lags in the
model prevents any simultaneity bias.

2TTo clarify, the main independent variable counts the number of districts experiencing success-
ful/failed recalls as a share of neighboring districts with recalls (as opposed to of all neighboring districts).
The variable counting the proportion of neighbors with recalls thus captures the effect of the number
of neighbors with recalls while the independent variable isolates the effect of observing particular recall
outcomes.

28] used Laakso and Taagepera’s formula for the effective number of electoral parties (1979).

29Recall events are counted here, regardless of the number of district officials on the recall ballot.

18



of recalls in the past may also affect the probability that recalls will take place by lowering
informational costs and/or increasing citizens’ opposition to recalls.

Models with controls are run on data for the period between 2002 and 2014. I thus
exclude the first two terms with recall elections (1996-1998 and 1999-2002) with the
purpose of maintaining institutional features (and their effects) as constant as possible.
These two recall elections took place before (i) the Decentralisation Law was passed, which
means the structure and competences of subnational governments was different; (ii) the
Law of Political Parties was passed, which means the type of political organisations in
competition (and the requirements to create them) were different and; (iii) the Municipal
Elections Law was reformed, which means the electoral rules governing municipal elections
were different (namely, there was a run-off election if no party got at least 20% of the
vote). These institutional differences are expected to have a non-negligible effect on the
dynamics of local political competition (and therefore on politicians’ incentives), raising
issues about their comparability with later periods. Indeed, as a result of these reforms,
while in the 1995 and 1998 elections the number of national political parties competing
at the district level was 2 and 5, respectively, in 2002 this number jumped up to 14.

To test hypothesis 2 I use the same baseline model but add an interaction between
the variable measuring the proportion of successful neighbor recalls in ¢t —1 and a dummy
identifying districts d in which the incumbent mayor was elected with a margin of victory
smaller than 5 percentage points.?® Again, these results are restricted to the 2002-2014
period.

6 Results

Table 1 presents the results of the tests of hypothesis 1. Model 1 presents initial evidence
against the null hypothesis of independent use of the recall by showing that the mere
occurrence of a recall in a neighboring district has no effect on the probability of a recall.
This suggests that similar districts are not independently conducting recalls in reaction
to similar conditions. Moreover, it is worth noting that the assumption of independent
activation implicit in the existing literature would require the conditions determining the
use of the recall —close elections— to expand in tandem with recalls during my period
of study. However, as shown in figure A.2, this has not been the case. Indeed, while the
number of districts with recalls has monotonically increased each term, the number of
districts with close elections remained stable (or decreased) starting in 2003. All of this
suggests diffusion is at play. Model 2 presents further supporting evidence by showing
that the probability of a recall increases with the proportion of neighbors who had recalls

in the prior period. This type of variable has often been used in the study of diffusion.

30Tn the robustness section I show that results are robust to alternative measures of close elections.
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However, as noted by Maggetti and Gilardi (2016) it is much too general to identify any
particular mechanism.

Models 3 and 4 zero in on the possibility of learning as the mechanism driving diffusion
by focusing on the effect of successful and unsuccessful neighbor recalls. As predicted
by hypothesis 1, model 3 shows that the probability of experiencing a recall increases
with the share of neighbors experiencing successful recalls. As noted above, a recall is
considered successful if it leads to the removal of a mayor and triggers a new election, and
unsuccessful if the mayor is not removed.?! Similarly, failed neighbor recalls reduce the
probability that a recall will take place. The significance and direction of these results
does not change when adding controls, as shown in table A.4. Coefficients do change
(they become bigger), but at least some of this is due to differences in the sample as a
result of excluding the 1999-2002 term (see table A.3 for results excluding controls for
the 2002-2014 period). Based on the full model with controls, even after accounting for
the effect of the overall number of neighbors experiencing recalls, a unit increase in the
proportion of neighbors with a successful recall is expected to increase the probability of
a recall by 7 percentage points. Failed recalls are expected to reduce the probability of a
recall by a similar amount. Given that the average probability of a recall in the sample

is 14%, the diffusion effects found are substantial.

3In theory, recalls will only trigger a new election if over one third of the municipal council is also
recalled. In practice, the vast majority of recalls targeted both the mayor and the required number of
councilors, as shown in figure A.1.
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Table 1: Is there learning?

Probability of a Recall
(1) (2) (3) (4)

At least one neighbor 0.019

had recall [0.012]
Proportion of neighbors 0.078*  0.043  0.139**

with recall 0.043]  [0.046]  [0.056]
Proportion of neighbors 0.044**

with successful recall [0.020]
Proportion of neighbors -0.033*

with failed recalls [0.017]
Observations 6,528 6,528 6,528 6,528
Districts 1632 1632 1632 1632
R-squared 0.374  0.375 0.375 0.375
Term Fixed Effects YES YES YES YES

NoOTES. Results from OLS panel regressions with district fixed
effects. Cluster robust standard errors (clustered by district)
are reported in brackets. The dependent variable is a binary
indicator coded as 1 for districts in which a recall election took
place and 0 for those in which it did not.

ok p<0.01, ** p<0.05, * p<0.1.

According to Seljan and Weller (2011) the driving force in diffusion processes is the
flow of information. In that sense, it is worth considering exactly what is being learned.
Two possibilities have been raised regarding the content of the information that is com-
municated: (i) the first one focuses on policy information regarding the existence or
availability of a given policy; (ii) the second one focuses on political information re-
garding the political viability, attractiveness and potential (ensuing) electoral benefits
associated with a given policy (Seljan and Weller, 2011). One way of interpreting the
results in table 1 is thus that the proportion of neighbors with recalls variable (regardless
of outcomes) captures the effect of information transmission regarding the availability of
the recall as a participatory mechanism. On the other hand, the positive and negative
effects of successful and failed recalls (respectively) capture the transmission of political

information regarding the value of the recall as an instrument for triggering new elections.
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Table 2: Conditional effects

Probability of a Recall
(1) (2)

Proportion of neighbors 0.040 0.030
with successful recall ~ [0.030] [0.026]
Close election 0.055%** 0.026**
[0.013] [0.012]
Proportion successful x  0.090* 0.104**
close election [0.047] [0.042]
Observations 4,896 4,896
Districts 1632 1632
R-squared 0.459 0.573
Term Fixed Effects YES YES
Controls NO YES

NoOTES. Results from OLS panel regressions with
district fixed effects. Cluster robust standard errors
(clustered by district) are reported in brackets. The
dependent variable is a binary indicator coded as 1
for districts in which a recall election took place and
0 for those in which it did not. Close election is a
dummy identifying terms in which the incumbent
mayor was elected with a margin of victory under
5 percentage points. Model 2 includes controls for
proportion of neighbors with recalls, ENEP, same
party as provincial mayor, same party as regional
president, mayor experience and prior recalls.

ok p<0.01, ** p<0.05, * p<0.1.

Moving on to hypothesis 2, table 2 presents the results of models including an inter-
action between the share of successful neighbor recalls in the prior term and a dummy
identifying district-terms in which the incumbent mayor was elected in a close election.>?
In both models (with and without controls), the positive interaction term indicates that
the effect of successful neighbor recalls is larger in districts with mayors elected in close
elections. This is consistent with our expectation that when the incumbent was elected
by a small margin of victory losing politicians in the district have a higher perceived prob-
ability of success in a re-do election. These politicians are thus more likely to positively
update their beliefs regarding the effectiveness of recalls upon observing the success of
their peers in neighboring districts. The positive and significant coefficient on the main
effect of the close election variable indicates that recalls are more likely in the presence

of close elections, even in the absence of successful neighbor recalls. However, as shown

32Here we consider elections as close when the margin of victory is under 5%. However, as shown in
section 7, results are robust to different operationalizations.
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in figure 3, successful neighbor recalls have an insignificant effect in the absence of close

elections.

Figure 3: Marginal effect of the proportion of successful neighbor recalls on the probability
of a recall, 2002-2014
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Note: Figure graphs marginal effects from model 2 in table 2 (with controls).

These results are consistent with losing politicians driving the diffusion of the recall
by learning about their political viability from their neighbors and using them when con-
ditions are favourable. They show that office-seeking politicians learn to behave strate-
gically and abuse participatory institutions to increase their chances of gaining office, to
the detriment of governmental efficiency, citizen trust in politicians and institutions, and
candidate quality. It is worth noting that while prior research had shown that political
parties (in a very different setting: Switzerland) use direct democracy mechanisms strate-
gically to improve their electoral chances (Leemann, 2015), the possibility of diffusion was

not previously considered.

7 Robustness Tests

This section discusses the robustness of my findings to alternative definitions of the depen-
dent and independent variables, and further probes the validity of my main assumption:

that it is losing politicians who are driving the diffusion of recalls.
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Above, I have presented evidence consistent with the spatial diffusion of recall elec-
tions through a learning mechanism. Based on prior research, I built on the assumption
that the actors driving the diffusion of recall elections were losing politicians seeking to
re-do elections. The evidence presented in support of hypothesis 2 is consistent with
this assumption. However, it may still be the case that citizens are also learning about
the recall and its political value and are therefore also responsible for initiating recalls
in an attempt to remove unsatisfactory politicians. To probe this possibility, I exam-
ined whether recalls are associated with observable measures of mayor quality by testing
whether incapable, unpopular or inexperienced mayors are more likely to be recalled.
This analysis is included in SI section A.3. Results are actually the opposite of what we
would find if citizens were recalling authorities that are unpopular or unable to manage
social conflicts in their jurisdiction. Likewise, at least in the 2011-2014 term (the only one
for which budget execution data is available), recalls were not associated with mayors’
incapacity to execute their districts’ budget. All of these results lend credence to the
assumption that recalls are not used by citizens to get rid of unsatisfactory officials.

In terms of the dependent variable, I re-estimated all models using the dummy indi-
cating the occurrence of a recall vote targeted specifically at the mayor instead of any
recall vote. Results were unchanged.

For the spatial models, table A.5 in the SI presents the results of a series of regressions
using distance to the nearest district with a recall in the previous period as a proxy for
proximity (or similarity), instead of contiguity. Maximum distance in this table refers
to the maximum distance to the nearest district with a recall, which can be the full
maximum distance (645 kms.) or a threshold set at the 95th and 90th percentiles (107
and 77 kms., respectively). I find that distance only has the expected negative effect in
districts within the 90th percentile of distance, which means recalls in other districts will
only have an effect if they are close enough.

In terms of the tests of H2, table A.6 in the SI presents the results of a series of
replications of model 2 in table 2 using alternative specifications for close elections. Model
1 uses a dummy identifying district-terms in which the margin of victory was under 8%,
model 2 uses 10% as the critical margin of victory for close elections and model 3 uses
a continuous measure of the margin of victory, truncated at 30% or over. The main
results remain unchanged: the effect of successful neighbor recalls is larger when the
incumbent was elected in a close election. Figure A.3 shows that the marginal effect of
the proportion of neighbor recalls is positive when the margin of victory is small and
decreases in magnitude as this margin grows, ultimately losing significance around a

margin of 15%.
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8 Discussion

The evidence presented here indicates that in Peru recalls diffuse through a process of
learning, in which politicians learn about the use of the recall from their neighbors (either
literally or in the sense of proximate). In particular, they learn not only about the
availability of recalls as a potential tool in their political arsenal, but more importantly,
about the recall’s political viability and payoffs. In contrast, there is no indication that
recalls are activated in response to citizen demands. Moreover, qualitative research has
consistently argued that recalls in Peru are disruptive, destabilizing and contribute to
citizens’ distrust of politicians (Welp, 2013, 2015; Tuesta Soldevilla, 2014b). Empirical
research has further shown that they lower the quality of the pool of political candidates in
subsequent elections (Artiles et al., 2021). The diffusion of recalls in Peru can therefore be
described as a case of perverse learning, in which politicians learn to abuse participatory
institutions to further their political interests at the expense of the common good.

It may be argued that the Peruvian case is an exceptional one —as expressed in its
particularly high levels of use—, and we therefore cannot draw any general (or general-
izable) lessons from it. However, there are good reasons to believe that at least some of
the dynamics uncovered here are also present in other, very different, contexts. Indeed,
at the subnational level in the U.S. there are multiple reports that (i) the number of
politically motivated recalls is expanding (Siegel, 2015; Spivak, 2020); (ii) that they are
used to re-do elections in cases in which voters have been unable to elect candidates who
mirror their preferences, or as a result of politicians’ desire to capture an office, or with
the goal of flipping a closely divided state legislature (Weinstein, 2005; Spivak, 2020)33;
(iii) that they have a polarizing effect on local politics and may prove harmful to the long
term stability of government, partly because they allow special interest groups to exercise
disproportionate control over state politics relative to constituents (Siegel, 2015; Amar,
2004); (iv) and that a potential reason for their dramatic increase is that there is more
awareness of their availability, with the success of recent recalls making them more ap-
pealing (Siegel, 2015; Spivak, 2020). Similar dynamics have been observed elsewhere. In
Colombia, for example, it has also been found that a majority of recalls are triggered by
losing politicians, ultimately eroding democratic governance (Welp and Milanese, 2018).
In Central and Eastern Europe, recalls are similarly described as instruments of partisan
account setting (Miscoiu, 2020). More generally, a recent book on the recall summarizes
the comparative evidence by noting that it is often used by political actors to direct their
fire against rival parties (Welp and Whitehead, 2020a). The extent to which there is
learning involved in these additional cases is an open question for future research.

One possible take-away from the evidence presented here could be to reiterate the

33 As noted by Bowler (2004) “the recall skews incentives of poor losers by providing them with a
means of revenge” (Bowler, 2004, p. 206).
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well-known fact that institutional design plays a key role in determining how institutions
are used. However, its importance in determining how —and how often— recalls in
particular, and direct democracy mechanisms in general, are used, has already been
highlighted elsewhere.* What I wanted to show here is the process by which actors can
learn to abuse these institutions, when institutional design allows.

Subnational governments are often considered to function as laboratories in which
policy innovations can be tested and, if successful, replicated through a learning process.
This paper challenges the assumption that learning will necessarily lead to efficiency
gains and shows that it can lend itself to perverse dynamics. In the case presented
here, politicians learn to (ab)use participatory institutions in a way that furthers their
interests —or at least is perceived by them to do so— at the cost of government stability,
effectiveness and very likely, citizen trust. Future research should continue to investigate
the conditions under which different kinds of actors are likely to engage in perverse forms

of learning.

34For example, Gerber notes for the initiative that specific design features will determine “how the
incentives that elected officials face are structured and whether or not these incentives influence behavior
as intended” (Gerber, 1996, p. 125). See also Bowler and Cain (2004) for the recall.
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A Supplementary Information

A.1 Descriptive Statistics

Table A.1: Descriptive Statistics: Main variables, 1996-2014

Standard

Variable Observations Mean Deviation Minimum Maximum
Dummy for district with recall 8,160 0.139 0.346 0 1
At least one neighbor had recall 6,528 0.394 0.489 0
Proportion of neighbors with recall 6,528 0.0984 0.149 0 1
Proportion of neighbors

with successful recall 6,528 0.0277 0.0779 0 0.800
All neighbors with failed recalls 6,528 0.256 0.437 0 1
Distance to nearest district

with recall 6,528 40.43 44.94 1.707 645.4
Number of districts 1,632 1,632 1,632 1,632 1,632

Table A.2: Descriptive Statistics: Additional Variables, 2002-2014

Standard
Variable Observations  Mean  Deviation Minimum Maximum
Mayor subjected to recall 4,902 0.180 0.385 0 1
in district
At least 1/3 of council members 4,902 0.156 0.363 0 1
subjected to recall
Experience: any elected position 4,902 0.636 0.899 0 7
Non-electoral conflicts 3,268 0.0652 0.247 0 1
Electoral conflicts 3,268 0.00887 0.0938 0 1
Conflicts against district 3,268 0.00306 0.0552 0 1
authorities
% Annual budget executed 1,634 73.95 15.68 11.42 99.50
Margin of victory 4,902 9.177 9.093 0 100
ENEP 4,902 4.650 1.632 1 14.04
Same party as provincial mayor 4,902 0.248 0.432 0 1
Same party as regional president 4,902 0.168 0.374 0 1
N of prior recalls in district 4,902 0.290 0.577 0 4
% Illiterate 4,902 13.95 8.970 0.220 50.41
% with at least 2 UBN 4,902 25.08 15.37 0 92.41
Infant mortality rate 4,902 23.88 8.082 9.100 53.90
% Rural 4,902 53.92 30.36 0 98.69
District budget per capita 1,634 741.2 830.2 50.34 14,284
(original)
District budget per capita 1,634 1,538 2,523 66.09 62,766
(amended)

Tables A.1 and A.2 present summary statistics. It is worth noting that during the 2002-
2014 period almost 20% of district-government terms in Peru experienced recalls. The

majority of these districts subjected at least one third of the council to the recall —the
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lower bound for triggering a new election—, with their overall distribution in the data
reaching almost 16%. The number of previous recalls in a district has a maximum value
of 4, indicating that by 2011 some districts (3, to be precise) had experienced a recall
every term since 1996. Another aspect that stands out is the great variation in budget
execution across districts, ranging from under 12% to almost 100% of the annual budget.
Similarly, the margin of victory can be as small as 0%, which is the case in districts in

which there was a tie and the winner was decided by a coin toss.

A.2 Additional Results

Figure A.1: Recalls by Subnational Government Term
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Data source: ONPE. Dotted line indicates the share of districts with recalls in which new elections could
be triggered (at least 1/3 of council members are subjected to the recall).
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Table A.3: Is there learning? Restricted sample 2002-2014

Probability of a Recall
(1) (2) (3) (4)

At least one neighbor 0.000

had recall [0.015]
Proportion of neighbors -0.001  -0.054 0.082

with recall [0.052]  [0.055] [0.067]
Proportion of neighbors 0.075%#*

with successful recall [0.026]
Proportion of neighbors -0.045%*

with failed recalls [0.020]
Observations 4,896 4,896 4,896 4,896
Districts 1632 1632 1632 1632
R-squared 0.452  0.452 0.454 0.453
Term Fixed Effects Yes YES YES YES

NOTES. Results from OLS panel regressions with district fixed
effects. Cluster robust standard errors (clustered by district) are
reported in brackets. The dependent variable is a binary indicator
coded as 1 for districts in which a recall election took place and 0
for those in which it did not.

Rk p<0.01, ** p<0.05, * p<0.1.
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Table A.4: Is there learning? Controls added, 2002-2014

Probability of a Recall

0 ) &) @
At least one neighbor 0.020
had recall [0.013]
Proportion of neighbors 0.140***  0.091*  0.265***
with recall 0.046]  [0.049]  [0.059]
Proportion of neighbors 0.070%**
with successful recall [0.022]

Proportion of neighbors -0.067H**
with failed recalls [0.018]
ENEP 0.020%*%*  0.020***  0.020%**  0.020%**

[0.005] [0.005] [0.005] [0.005]

Same party as -0.011 -0.011 -0.011 -0.010

provincial mayor [0.013] [0.013] [0.013] [0.013]

Same party as 0.009 0.009 0.009 0.011

regional president [0.015] [0.015] [0.015] [0.015]
N of prior recalls -0.515%F*  _0.521%HF  _(0.520%**  _(.524%**

0.022] (0022  [0.022]  [0.022]

Mayor experience 0.003 0.003 0.003 0.003

0.007]  [0.007]  [0.007]  [0.007]

Observations 4,896 4,896 4,896 4,896

Districts 1632 1632 1632 1632

R-squared 0.568 0.569 0.570 0.571

Term Fixed Effects Yes YES YES YES

NoTES. Results from OLS panel regressions with district fixed effects.
Cluster robust standard errors (clustered by district) are reported in brack-
ets. The dependent variable is a binary indicator coded as 1 for districts
in which a recall election took place and 0 for those in which it did not.

K p<0.01, ** p<0.05, * p<0.1.
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Table A.5: Robustness test: distance to nearest
recall

Probability of a Recall
(1) (2) (3)

Distance to nearest -0.000 -0.000 -0.001%*
district with recall [0.000] [0.000] [0.000]

Observations 6,528 6,189 5,834
Districts 1,632 1,603 1,571
R-squared 0.374  0.385  0.388

Year Fixed Effects YES YES YES
Maximum distance Full 95% 90%

NOTES. Results from an OLS panel regression
with district fixed effects. Cluster robust standard
errors (clustered by district) are reported in brack-
ets. The dependent variable is a binary indicator
coded as 1 for districts in which a recall election
took place and 0 for those in which it did not.
R p<0.01, ** p<0.05, * p<0.1.
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Table A.6: Robustness to different measures of close elections

Margin <8% Margin <10% Margin of victory

Proportion of neighbors 0.012 0.005 0.109%*#*
with successful recall [0.029] [0.031] [0.033]
Close election 0.033*** 0.043%**
0.013] 0.013]
Proportion successful x 0.104** 0.097**
close election [0.041] [0.039]
Margin of victory -0.004***
0.001]
Proportion successful x -0.004*
margin of victory [0.002]
Observations 4,896 4,896 4,896
Districts 1632 1632 1632
R-squared 0.573 0.574 0.574
Term Fixed Effects YES YES YES
Controls YES YES YES

NoOTES. Results from OLS panel regressions with district fixed effects. Clus-
ter robust standard errors (clustered by district) are reported in brackets. The
dependent variable is a binary indicator coded as 1 for districts in which a
recall election took place and 0 for those in which it did not. Models include
controls for proportion of neighbors with recalls, ENEP, same party as provin-
cial mayor, same party as regional president, mayor experience and number
of prior recalls. Model 3 uses a continuous measure of the margin of victory
truncated at 30 or over.

¥ p<0.01, ** p<0.05, * p<0.1.
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Figure A.3: Marginal effect of the proportion of successful neighbor recalls on the prob-
ability of a recall, 2002-2014
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Note: Figure graphs marginal effects from model 3 in table A.6.

A.3 Exploring citizens’ role

Citizens’ role in driving recall diffusion is tested using the following model:

Recally = BXa + Zhyy + Na+ n + €a (2)

This model is analogous to my baseline model in that it estimates the effect of the
independent variables (Xy4) on the probability of a recall taking place by leveraging
variation within districts, over time. Time-invariant district-level features and exogenous
time-shocks are again controlled for using fixed effects. Plus, this model adds a vector
of covariates (Z},) for relevant time-varying district-level characteristics that may affect
both the independent variables and the probability of a recall taking place. Like in our
main analyses, these include two indicator variables for whether the district mayor comes
from the same party as the provincial mayor or the regional president, the ENEP in the
most recent election and the cumulative number of past recall elections. For the same
reasons as above, I use data for the period between 2002 and 2014.

I examine whether recalls take place when politicians are inexperienced, incapable, or

unpopular.®® Experience is assessed using a variable that records the number of times

35Strictly speaking this test should use as dependent variable a dummy for the occurrence of a recall
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the current mayor previously held different types of elected office. If a mayor’s experience
does not affect the probability of a recall (or it is not the least experienced mayors that
are subjected to the recall), its coefficient is expected to be zero (or positive). Data on
mayors’ experience comes from the National Jury of Elections (JNE), whose webpage
offers information on all elected officials, including the history of elective offices they
have held. On the basis of information collected by scraping this website I constructed
ratio variables measuring different types of previous elected positions held by mayors
(executive and legislative positions at the provincial or district levels).

To assess mayor’s popularity I use a dummy variable indicating the presence of con-
flicts caused by dissatisfaction with district authorities. If recalls are not associated
with this form of dissatisfaction with authorities (or recalled authorities are not the least
popular ones), its coefficient is also expected to be zero (or negative). Data on social
unrest comes from the Office of the Ombudsman’s monthly report on social conflicts.
This document, available since March 2004, documents the occurrence of social conflicts
throughout the country, including a description of the location, causes and actors in-
volved in the conflict, on the basis of reports from decentralised state agencies, NGOs,
the media and participants’ reports.3® Using these reports I hand coded dummies indi-
cating the existence of conflicts caused by dissatisfaction with district authorities. I only
considered conflicts that took place during the first year of the district government’s term
(when recall processes cannot be initiated) to exclude conflicts that could result from the
recall campaign itself. Since conflict data is only available since 2004, these analyses only
include two terms (2007-2010 and 2011-2014).

Capacity is assessed on the basis of two aspects: mayor’s political ability to manage
social conflicts in their jurisdictions and their managerial ability to execute the munici-
pality’s budget. To test the former I include dummies for the presence of two types of
conflicts in the district: non electoral and electoral conflicts. If recalls are not associated
with social unrest in the district (or at least recalls do not take place in more conflictive
districts), the coefficient on non-electoral conflicts is expected to be zero (or negative).
The dummy for electoral conflicts is included separately to allow for the possibility that
recalls are a way of solving conflicts caused by citizen’s dissatisfaction with electoral re-
sults, in which case its coefficient would be positive. Data source and periods covered
remain the same as above.

Finally, to test the role of managerial ability I use a variable measuring the percentage

of progress in the execution of the municipal budget. Data on municipal government’s

election targeted specifically against the mayor, rather than one indicating the occurrence of any recall
election in district d at time ¢. In practice, the difference between these two dummies is small: out of 904
district-government terms with recall elections, only 20 of them (2%) did not include the mayor among
the officials subjected to the recall.

36Social conflicts are defined as contentious collective actions that involved at least one of the following:
threats to people’s life, integrity or health; damages to public or private property; limitations to free
movement; obstruction of an official in the exercise of his duties; paralysation of public service provision.
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budget management comes from the Ministry of Economy and Finance, which reports
each district’s percentage of progress in the execution of its annual budget since 2009.3"
On the basis of this information I constructed a variable recording progress in the execu-
tion of the municipal budget during the first year of the term, to avoid reverse causality
due to the recall campaign’s effect on the management of the municipal government.
Because this information is only available since 2009, I only have data for the 2011-2014
term which means this analysis relies only on cross-sectional variation.?® If the mayor’s
capacity to execute the budget is not associated with the occurrence of a recall (or at least
it is not the governments that are less capable of executing their budget that are faced
with a recall), the coeflicient of interest is expected to be zero (or positive). Since I am
now looking at the effect of variation in budget execution across districts, it is important
to account for relevant differences between districts that may affect both budget execu-
tion and the occurrence of a recall. Thus, my vector of controls now includes additional
covariates. To control for socio-economic differences across districts I include variables
measuring (i) the percentage of rural population in the district; (ii) the percentage of
illiterate adults in the district; (iii) the infant mortality rate in the district; and (iv) the
percentage of population in the district with at least two unsatisfied basic needs.?® These
data come from the 2007 census, the only source available with data at the district level.
Finally, I also include a variable measuring the per capita annual budget in each district
during the first year of the term. This variable is intended to control, on the one hand, for
an alternative political incentive to promote a recall, and on the other, for varying levels
of administrative capacity that may affect budget execution. Since districts are embedded
in provinces in some models I also include province fixed effects to avoid potential con-
founding due to province-level features that may affect the relationship between budget
execution and the probability of a recall.

Table A.7 presents the results. Column 1 shows that mayors’ prior experience in
elected positions has no effect on the probability of a recall taking place. These results
indicate that it is not the least experienced mayors that are being recalled. *° Column
2 assesses the role of elected officials’ popularity, as measured by the existence of social
conflicts against district authorities. As we can see, districts with conflicts expressing
opposition to district authorities during their first year in office are less likely to experience

a recall. Column 3 examines the role of mayor’s capacity as measured by the level of

37The measure is constructed as the ratio of accrued expenses to the annual amended budget, expressed
as a percentage.

38Formally, the regression model I estimate is Recally, = BEzecBudgay, + Zt'ip'y + Ay +€q.

39The basic needs considered are: dwellings with inadequate physical characteristics, overcrowded
dwellings, dwellings with no connection to a water network, households with at least one child aged
6 to 12 that does not attend school, households with high economic dependency (household head has
incomplete primary education and more than three dependents).

40T also ran models using different types of experience: at the district and provincial level, and in
executive and legislative positions. Coeflicients are consistently small and insignificant in all models.
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social unrest in the first year of their term. It shows that while electoral conflicts have no
effect on the probability of a recall, other social conflicts do. Districts with non-electoral
conflicts are found to be less likely to have a recall. These results are the opposite of
what we would find if citizens were recalling authorities that are unpopular or unable to
manage social conflicts in their jurisdiction. In that sense, they are consistent with the

idea that recalls are not used to get rid of incapable officials.

Table A.7: Who Drives Diffusion? Testing Citizens” Role

Probability of a Recall
(1) (2) 3)

Experience: any elected position 0.003

[0.007]
Conflicts against district authorities -0.190%*

[0.101]
Non-electoral conflicts -0.093%**
[0.033]
Electoral conflicts -0.074
[0.092]

Same party as provincial mayor -0.011 -0.021 -0.021

[0.013] [0.017) [0.017]
Same party as regional president 0.010 0.043** 0.044**

[0.015] [0.019] [0.019]
ENEP 0.019%**  0.017** 0.016**

[0.005] [0.007] [0.007]
N of prior recalls -0.514%F%  _0.813%F*  _0.816%**

[0.022] [0.031] [0.031]
Observations 4,902 3,268 3,268
Districts 1634 1634 1634
R-squared 0.568 0.740 0.741
Term Fixed Effects YES YES YES

NoOTES. Results from OLS panel regressions with district fixed effects. Clus-
ter robust standard errors (clustered by district) are reported in brackets.
The dependent variable is a binary indicator coded as 1 for districts in which
the mayor was subjected to a recall vote and 0 for those in which she was
not.

¥k p<0.01, ** p<0.05, * p<0.1.

Table A.8 presents the results of the pooled OLS regressions assessing the link between
subnational governments’ capacity in the management of the district’s budget and the
probability that a recall takes place.*! As expected, the full model shows no association
between these variables once political covariates are accounted for.#? We can therefore

conclude that at least in the 2011-2014 term, recalls were not associated with officials’

41This table reports 194 provinces because even though 195 provinces existed in Peru at this time,
one of them -Purus- does not have any district-level governments.

42The following alternative model specifications were also tested but did not significantly alter the
results: (i) using the amended per capita annual budget instead of the original per capita annual budget;
(ii) dropping the variable measuring illiteracy (it is correlated with the other socioeconomic controls and
may be inflating the standard errors); and (iii) using regional fixed effects instead of provincial ones.
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incapacity to execute the budget.

Table A.8: Who Drives Diffusion? Testing Citizens’ Role 11

Probability of a Recall

Variables (1) (2) (3)
Percent annual budget executed — 0.002**  0.001 0.001
0.001]  [0.001]  [0.001]
Percent rural 0.000 0.000 -0.000
0.001]  [0.001]  [0.001]
Infant mortality rate -0.001 -0.001  0.031**
[0.002]  [0.002] [0.015]
Percent with at least 2 UBN 0.000 -0.000 -0.001
0.001]  [0.001]  [0.001]
Percent illiterate -0.003 -0.002 -0.001
0.002]  [0.002]  [0.003]
District budget per capita 0.000**  0.000* 0.000
[0.000]  [0.000] [0.000]
Same party as provincial mayor -0.046**  -0.061°**
0.022]  [0.025]
Same party as regional president -0.001 -0.001
0.027]  [0.030]
ENEP -0.006 0.007
0.007]  [0.008]
Previous recalls in district 0.119*%**  0.076***
0.017]  [0.018]
Observations 1,634 1,634 1,634
Provinces 194 194 194
R-squared 0.011 0.054 0.213
Province Fixed Effects NO NO YES

NoTES. Results from pooled OLS regressions. Cluster robust stan-
dard errors (clustered by province) are reported in brackets. The
dependent variable is a binary indicator coded as 1 for districts in
which a recall election took place and 0 for those in which there was

no recall.
K p<0.01, ** p<0.05, * p<0.1.
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